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Graphical Abstract

This study presents a comprehensive single-cell atlas of the immune land-
scape in gynaecological tumours. Angio-Mac, driven by NFKB1, was associated
with worse clinical outcomes. IFN-Mac_CXCL9 improved survival by recruit-
ing T cells through CXCL9/10/11 secretion. T cells experienced a shift from
anti-tumour to pro-tumour during the progression of cancer.
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Abstract
Background: The immune microenvironment of the three most common
gynaecological malignancies—tubo-ovarian cancer, endometrial cancer and cer-
vical cancer—has not been systematically studied, limiting clinical application.
Methods: This study analyses 272 389 CD45+ immune cells by integrating pub-
licly available single-cell RNA sequencing (scRNA-seq) data from 111 tumour
and non-malignant tissue samples.We identified distinct subsetswithin immune
cells: 11 formonocytes/macrophages, six for CD4T cells, eight for CD8T cells and
five for B cells, detailing their distribution, prevalence and distinct functions.
Results: A pro-angiogenic macrophage subset linked to NF-κB signalling was
associated with worse clinical outcomes and an interferon-primed macrophage
subset correlated with improved survival by recruiting T cells through
CXCL9/10/11 secretion, as confirmed by multi-colour immunohistochemistry. T
cells exhibited dynamic roles in tubo-ovarian cancer, with CD8 Tex cells con-
tributing to immune dysfunction and poor prognosis, while CD8 Trm cells in
early-stage tumours supported immune surveillance. Additionally, we identified
co-stimulatory and co-inhibitory receptor interactions and classified distinct B
cell subsets with varying prognostic implications.
Conclusions: This comprehensive analysis of the tumour immune microen-
vironment in gynaecological malignancies provides new insights into immune
cell composition and function offering potential for optimising immunotherapies
and improving clinical outcomes in these cancers.
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cervical cancer, endometrial cancer, single-cell RNA sequencing, tubo-ovarian cancer, tumour
immune microenvironment
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1 INTRODUCTION

Cervical, ovarian and endometrial cancers represent the
three most prevalent gynaecological malignancies. Cervi-
cal cancer is the fourth most diagnosed cancer and the
third leading cause of cancer-related deaths in women.
Annually, cervical cancer is responsible for over 660 000
newly cases worldwide.1 Human papillomavirus (HPV)
infection, particularly persistent infection, is a well-
established cause of cervical cancer, especially squamous
cell carcinoma,2 which underpins the rationale for pro-
phylacticHPV vaccination. Ovarian cancer, themost lethal
gynaecological malignancy, causes approximately 210 000
deaths each year,1 with high-grade serous ovarian cancer
(HGSOC) accounting for 80% of these fatalities.3 Ovar-
ian cancer is typically diagnosed at advanced stages, often
with intraperitoneal spread at the time of diagnosis, and it
has a poor prognosis due to its propensity for recurrence.
Emerging evidence suggesting that ovarian cancer may
originate from the fallopian tube4–6 has led us to expand
our research to include tubo-ovarian cancer. Endometrial
cancer, often presenting as abnormal uterine bleeding in
postmenopausal women, significantly impacts quality of
life. This cancer is increasingly associated with metabolic
disorders, such as obesity, diabetes and hypertension, and
its incidence continues to rise.7–10
Recent advancements in single-cell RNA sequencing

(scRNA-seq) have led to numerous studies characterising
the tumour microenvironment (TME) in gynaecologi-
cal malignancies. Hornburg et al.11 introduced tumour
immune phenotypes (TIPs) in ovarian cancer, categoris-
ing them into three types: immune-infiltrated, immune-
excluded and immune-desert. Similarly, a two-meta-
program model involving malignant epithelial cells inter-
acting with different TIPs was identified in cervical squa-
mous cell carcinoma, elucidating the limited efficacy of
immune checkpoint blockade therapy in this cancer type.12
In our previous studies, we identified molecular mark-
ers in tumour cells and explored metabolic alterations in
cancer-associated fibroblasts andmacrophages inHGSOC,
as well as novel therapeutic targets such as TIGIT+
T cells13 and S100A9+ tumour cells.14 Cassier et al.15
reported that the blockade of Netrin-1 could enhance CD8
T cell-tumour cell interactions and reduce pro-tumour
M2-like macrophages in endometrial cancer, providing
evidence for targeted therapies. These insights have greatly
deepened our insight into the mechanisms driving the
progression, metastasis and drug resistance of tumours.
Despite these advances, several critical aspects of gynaeco-
logical cancer research remain unexplored, particularly in
terms of the tumour immune microenvironment (TIME).
Current studies still lack a comprehensive and system-
atic characterisation of the immune ecosystem. Further-

more, the limited success of immunotherapy in ovarian
cancer,16–18 the lack of definitive immunotherapy guide-
lines for endometrial cancer, and the variable response to
PD-1/PD-L1 therapies in cervical cancer underscore the
urgent need for improved therapeutic targets and more
precise treatment response predictions. Thus, it is a press-
ing need to further investigate the TIME in gynaecological
malignancies.
This study combined publicly accessible scRNA-seq

datasets to create a comprehensive immune profile of the
TME in tubo-ovarian, endometrial and cervical cancers.
We identified six CD4 T cell subtypes, eight CD8 T cell sub-
types, five B cell subtypes and 11 monocyte/macrophage
subtypes. Analysis of immune cell compositions across
various cancer stages and non-malignant tissues revealed
two macrophage subsets: a pro-angiogenic subset linked
to poor survival via the NF-κB signalling pathway and an
interferon-primed subset associated with improved sur-
vival, capable of recruiting T cells through CXCL9/10/11–
CXCR3 interactions. The transformation of T cells from
anti-tumour to pro-tumour was also discovered. Our study
provides a comprehensive and systematic characterisation
of the TIME in gynaecological malignancies, offering new
insights into immune cell characterisation, highlighting
potential therapeutic targets for improving immunother-
apy outcomes.

2 MATERIALS ANDMETHODS

2.1 Collection and processing of
scRNA-Seq datasets

scRNA-Seq datasets were collected from publicly available
resources (Table S1). Data preprocessing steps included
quality control and normalisation and the integration of
datasets from different sources. The doublets were identi-
fied and filtered using the scDblFinder package (v.1.12.0).
Cells expressing 200 to 10 000 genes with mitochondrial
UMI fractions under 20% were retained, excluding mito-
chondrial genes from further analysis. The Seurat package
(v4.4.0) was employed for data normalisation and scal-
ing. Principal component analysis was carried out on the
2000 most variable genes, followed by batch-effect cor-
rection using Harmony (v1.1.0). The resulting embeddings
were visualised with UMAP, and graph-based cluster-
ing was applied to define cell populations. Differentially
expressed genes between clusters were identified using
the Wilcoxon rank-sum test in Seurat, applying criteria
of log2FC > .25, adjusted p-value < .05 and min.pct > .1.
Gene Ontology enrichment was assessed through clus-
terProfiler (v.4.11.1),19 considering pathways with adjusted
p< .05.ABonferroni correctionwas used formultiple com-
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parisons. Additional methods for the single-cell analytical
procedures are provided in the Supporting Information.

2.2 Survival analysis

Survival analysis utilised clinical and bulk RNA sequenc-
ing data from The Cancer Genome Atlas (TCGA). Sig-
nature genes derived from distinct cell clusters or spe-
cific genes were utilised for prognostic evaluation.20 The
analysis utilised datasets from TCGA-OV (ovarian can-
cer), TCGA-CESC (cervical cancer) and TCGA-UCEC
(endometrial cancer), accessible via the GDC Data Portal
(https://portal.gdc.cancer.gov/).
For each set of marker genes, the following steps

were carried out: (1) Marker gene selection: Genes with
log2FC > .25 were selected. (2) Calculation of signature
gene scores: The relative expression of signature genes for
each cluster was assessed using the calculate_sig_score
function from IOBR (v.0.99.8).21 This involved converting
gene expression counts to transcripts per million values
and applying the z-score method. (3) Patient stratification:
Patients were dichotomised into high- and low-expression
cohorts using the log-rank test-determined optimal thresh-
old. Survival differences were illustrated using Kaplan–
Meier curves created with survminer (v0.4.9). Multivari-
able Cox regression analyses were further performed
to assess the independent prognostic value of high/low
expression groups, with adjustment for patient age, disease
stage and tumour grade.

2.3 Cell line culture and
CRISPR–Cas9-mediated gene knockout

THP-1 and Jurkat T cells were cultured in RPMI 1640
medium with 10% FBS and 1% penicillin/streptomycin;
THP-1 cells also received 0.5 mM β-mercaptoethanol.
Stable NFKB1 and CXCL9 knockout cell lines were

generated using a lentiviral CRISPR–Cas9 system.
The single-guide RNA (sgRNA) sequences targeted
by NFKB1, CXCL9#1, #3 CRISPR are CCTGTTG-
GCAGTGCCATCTG, CAGCGACCCTTTCTCACTAC
and GCGACCCTTTCTCACTACTG, respectively.
The sgRNA oligos for target genes were annealed

and cloned into lentiCRISPR v2 vector (52961; Addgene)
digested by BsmBI-v2 (R0739; NEW ENGLAND Biolabs).
HEK293 cells were co-transfected with pMD2.G (12259;
Addgene), psPAX2 (12260; Addgene) and LentiCRISPR
v2 vector, using Lipofectamine 3000 (L3000015; Thermo
Fisher Scientific) for 48 h to produce lentivirus. THP-1 cells
underwent lentiviral infection and subsequent selection
with 2 µg/mL puromycin (HY-B1743; MCE) for 7 days.

2.4 Chemotaxis assays

THP-1 cells underwent M0macrophage differentiation via
phorbol 12-myristate 13-acetate (PMA; 100 ng/mL; Sigma–
Aldrich) over a 24-h period, followed by polarisation to M1
macrophages with 100 ng/mL LPS (Sigma–Aldrich) and
20 ng/mL IFN-γ (PeproTech) for 48 h. For the chemotaxis
assay, 1 × 106 Jurkat T cells, labelled with 10 µM Cell Pro-
liferation Dye eFluor™ 450 (Invitrogen), were suspended
in 200 µL RPMI 1640mediumwith 2% foetal bovine serum
and placed in the top chamber of 8.0 µm pore Transwell
inserts (Corning).THP-1-derivedM1macrophages (1× 106)
were seeded at the bottom chamber. Jurkat T cellmigration
from the top to the bottom chamber was quantified after
a 4-h incubation at 37◦C with 5% CO2 using flow cytome-
try and Precision Count Beads™ (424902; Biolegend). IL-2
levels in co-culture supernatants collected after 24 h were
measured by ELISA (ABclonal RK00002).

2.5 IKK treatment and measurement of
VEGFA

M2 macrophages were derived from M0 cells via IL-4
(20 ng/mL, 200-04; Sigma–Aldrich) and IL-13 (20 ng/mL,
200-13; PeproTech) treatment for 48 h, followed by treat-
ment with the IKK inhibitor BAY 11-7082 (20 µM, HY-
13453, MCE) for another 48 h. VEGFA levels in the
culture supernatants were measured via ELISA (ABclonal
RK00023), and total RNAwas extracted for qPCR analysis.

2.6 Tissue sample collection

Formalin-fixed, paraffin-embedded (FFPE) primary tis-
sue samples were obtained from pathologically confirmed
HGSOC patients undergoing primary surgery at the
Women’s Hospital, Zhejiang University. Detailed informa-
tion on the specimens is provided in Table S3.

2.7 Multi-colour
immunohistochemistry staining

The FFPE tissue samples were sectioned into 4-µm-
thick slides, followed by deparaffinisation. Multi-colour
immunohistochemistry (mIHC) staining was performed
with a multi-colour Immunofluorescence Kit (Akoya Bio-
sciences) following the manufacturer’s instructions. Slides
were boiled in antigen retrieval solution for 15 min,
then blocked and incubated with the primary antibod-
ies: anti-CD68 (1:400, 76437; Cell Signaling Technology),
anti-NFKB1 (1:100, A11160; ABclonal) and anti-VCAN

https://portal.gdc.cancer.gov/
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(1:100, A19655; ABclonal) for Angio-Mac and anti-CXCL9
(1:100, Ab9110; ABcam) and anti-PITX1 (1:100, 10873-1-
AP; Proteintech) for IFN-Mac_CXCL9 at 37◦C for 1 h.
Thiswas followed by incubationwithHRP-conjugated sec-
ondary antibodies. Signals were visualised with Opal TSA
reagents and counterstained with DAPI. The slides were
then analysed using a confocal laser-scanning microscope
(STELLARIS5; Leica).

2.8 Statistical analysis

scRNA-seq analysis was performed using R version 4.2.2.
Gene expression among distinct cell types or groups was
assessed via the Wilcoxon rank-sum test. Survival analysis
p values were derived using the log-rank test. Cell pro-
portions were compared using Graphpad 10.1.2, employing
non-parametric tests such as the Mann–Whitney test for
pairwise comparisons and the Kruskal–Wallis test for
multi-group comparisons. Statistical analysis of ELISA and
qPCR data employed either Student’s t-test or one-way
ANOVA for group comparisons. A p value below.05 was
deemed statistically significant.

3 RESULTS

3.1 Construction of a single-cell
transcriptome atlas of immune cells in
gynaecologic cancers

We compiled scRNA-seq data from 111 samples across
existing datasets to create a single-cell transcriptome atlas
of the TIME in the three primary gynaecologic cancers
(Figure 1A). The samples comprised 54 from tubo-ovarian
cancer patients, eight from endometrial cancer patients
and four from cervical cancer patients. Additionally, non-
malignant samples from the ovary/fallopian tube (33
samples), endometrium (seven samples) and cervix (five
samples) were also included for comparison. The tumour
samples were diverse in terms of their anatomical sites,
pathology and clinical stages, ensuring the broader appli-
cability of our analysis to gynaecologic malignancies. For
the purpose of this study, tumour sampleswere categorised
into early or late stages based on the FIGO classification,
or by their metastasis and recurrence status in the absence
of staging information. Among these, 18 samples are inter-
nal, having been sequenced for previous studies.13,22 A
summary of the datasets used is provided in Table S1.
After integration and stringent quality control, the

datasets yielded a final set of 272 389 CD45+ immune
cells for analysis (Figure S1A–C). Unsupervised cluster-
ing was performed on these immune cells, with batch

effects corrected using Harmony. The clustering results
were visualised using UMAP. Using canonical cell mark-
ers, we identified 10 major immune cell linages (Figure 1B,
D): T cells (marked by CD3D and CD3E), natural killer
(NK) cells (GNLY,NCAM1), plasma cells (JCHAIN, IGHG1,
CD38), B cells (CD79, MS4A1, CD19), plasmacytoid den-
dritic cells (pDCs; marked by LILRA4 and LILRB4),
mast cells (KIT, TPSAB1), macrophages and monocytes
(macro/mono; marked by CD68, CD14 and CD163), den-
dritic cells (DC; marked by CD1C and CD1E), a small
cluster of neutrophils (CSF3R, FCGR3B) and proliferat-
ing cells (Prol cells; marked by MKI67 and TOP2A). The
immune cell subsets were well distributed across the inte-
grated data (Figure S1D), and the composition of immune
cell types showed similar patterns across all three cancer
types and their non-malignant counterparts (Figure 1C).
We further examined the constitution of immune cell

types in the dataset. Figure 1E illustrates that T cells pre-
dominated among immune cell types in both cancerous
and normal groups, comprising almost half of the tumour-
infiltrating immune cells. Macrophages and monocytes
were the second most prevalent immune cells, except in
the normal endometrium, where uterine NK cells sig-
nificantly regulate the endometrial immune environment
throughout the menstrual cycle. B cells were generally
less abundant than plasma cells across all groups, except
in the tubo-ovarian and cervical cancer groups, align-
ing with Laumont et al.’s findings.23 DCs were uniformly
distributed across the six groups, while pDCs were pre-
dominantly observed in the tubo-ovarian and cervical
cancer samples.

3.2 Heterogeneity of macrophage
phenotypes in the TIME

Tumour-associated macrophages (TAMs) are a major ele-
ment of the TIME. We observed an increased propor-
tion of macro/mono in tumour samples compared with
non-malignant samples, with this difference being statis-
tically significant only in the tubo-ovarian cancer group
(Figure 2A). We performed CD68 immunohistochemistry
on FFPE samples from HGSOC patients, which further
validated the preferential distribution of macrophages in
tumours verses normal adjacent tissue (Figures 2B and S2).
Macrophages are well documented for their pro-

tumour functions, contributing to tumour progression and
invasion.24–26 To investigate the subsets of macro/monos,
we identified that some genes were not sequenced in cer-
tain samples, which disrupted the subclustering process
(Figure S3A–E). To address this, we filtered out the genes
that were not consistently sequenced across all samples,
retaining only those present in all samples. This allowed us
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F IGURE 1 Identification of various immune cell types in gynaecologic malignancies. (A) Workflow showing the collection and
processing of specimens of tumours and non-malignant tissues for scRNA-seq analysis. (B) UMAP plot depicting main immune cell types in
tumours and control tissues with distinct colours assigned to each cell type. (C) UMAP plot depicting immune cell types in tumours of
tubo-ovarian cancer, endometrial cancer, cervical cancer and their non-malignant counterparts. (D) Dot plots demonstrating the expression
levels of specific marker genes in different cell types. The dot size indicates the proportion of cells expressing the respective marker gene,
while the colour spectrum represents the average expression levels of the marker genes. (E) Bar plot showing proportion of each cell type in
tumours of tubo-ovarian cancer, endometrial cancer, cervical cancer and their non-malignant counterparts.
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F IGURE 2 Cell clustering and annotation of monocytes and macrophages in gynaecologic malignancies. (A) Percentages of
macro/mono in tumours and control tissues. The p values were calculated by Mann–Whitney test. (B) Representative images of H&E and IHC
staining for CD68 in tumour and normal adjacent tissue in HGSOC. Scale bars, 250 µm (H&E) and 100 µm (IHC). (C) UMAP plot displaying
the re-clustering macro/mono with distinct colours assigned to each subset. (D) Heatmap depicting the re-clustering of macro/mono with
distinct signature genes. (E) Bar plots showing the fraction of each cluster relative to the total macro/mono count in control tissues and
early-stage or late-stage tubo-ovarian cancer. The p values were calculated by Kruskal–Wallis test. (F) Heatmap showing specific TFs for each
subset of macro/mono. The activity of TFs was represented by scaled AUCell score. ****p < 1.0e−4, ***p < 1.0e−3, **p < .01, *p < .05.
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to re-cluster the cells into 11 distinct subsets (Figures 2C,D
and S3F,G).
While previous studies have often classifiedmacrophage

subsets based on marker genes, we adopted a model
established by Ma et al.27 for more detailed categorisa-
tion. Cluster 1 and 11 were classified as monocytes and
non-classic monocytes (or CD16+ monocytes), respec-
tively. Cluster 2, marked by the expression of angiogenic
factors like VCAN, THBS1 and increased VEGFA, was
identified as pro-angiogenic macrophages (Angio-Mac).
Cluster 3 showed elevated levels of CX3CR1, TREM2 and
genes associated with antigen presentation (e.g., HLA-
DPA1/DRB1) and was designated as immune regulatory
macrophages (Reg-Mac). Cluster 4, marked by lipid-
related genes (e.g., APOE, APOC1), was classified as lipid-
associated macrophages (LA-Mac), which also expressed
signatures of resident-tissue macrophages (e.g., MARCO,
FOLR2 and SLC40A1). Cluster 6, enriched for inflamma-
tory cytokines (TNF,CCL3 andCCL4), was termed inflam-
matory cytokine-enrichedmacrophages (Inflam-Mac). We
identified two distinct interferon-primedmacrophage sub-
sets (IFN-Mac). Cluster 7 showed expression of IFIT1/2/3,
while Cluster 9 expressed CXCL9/10/11. The remaining
three clusters were designated as MT-Mac, Prol-Mac and
HSP-Mac based on their gene signatures related to met-
allothionein, cell proliferation and heat shock proteins,
respectively.
Further analysis revealed the distribution of these

11 macrophage subsets in tumours and non-malignant
tissues. Angio-Mac was predominantly found in non-
malignant ovaries and fallopian tubes (Figure 2E), indi-
cating its distinct function in normal tissue compared
with tumours. Both IFN-Mac subsets were significantly
enriched in tubo-ovarian cancer, regardless of tumour
stage (Figure 2E). However, no significant difference
was observed in endometrial and cervical cancer (Figure
S4A,B). Additionally, MT-Mac was found to be increased
in both tubo-ovarian and endometrial cancer, likely as
a result of oxidative stress in the TME. To further val-
idate the reliability of our clustering, we performed
subsampling-based robustness checks and most subsets
exhibited high Jaccard consistency (Figure S4C). Addition-
ally, we repeated the clustering process to two independent
cohorts28,29 (Table S2) for endometrial and cervical can-
cers, and the majority of clusters, including monocytes,
Angio-Mac, LA-Mac, Reg-Mac, Infam-Mac, HSP-Mac and
IFN-Mac, were successfully identified (Figure S5), further
supporting the reproducibility of the annotation system in
gynaecologic malignancies.
To pinpoint the transcription factors (TFs) crucial for

macro/mono subset formation, we utilised Single-Cell
Regulatory Network Inference and Clustering (SCENIC)
analysis. Distinct TFs were identified for each cluster

(Figure 2F). Notably, members of the STAT family, includ-
ing STAT1 and STAT2, emerged as the top TFs asso-
ciated with IFN-Mac_IFIT1 activation, consistent with
their established role in mediating responses to interferon
signalling.30,31 Utilising the ChIP-Atlas database (https://
chip-atlas.org/), multiple ChIP-seq datasets derived from
monocytes confirmed that STAT1 binds to key marker
genes of IFN-Mac_IFIT1 (Figure S6A). Motif enrichment
analysis on IFN-Mac_IFIT1 signatures through RcisTar-
get also confirmed enrichment for two STAT1-binding
motifs: metacluster_2.6 (NES = 8.24, AUC = .103) and
metacluster_2.7 (NES = 4.99, AUC = .0737) (Figure S6B).
Additionally, PITX1 was identified as the key TF for IFN-
Mac_CXCL9, while NFKB1 was implicated as the central
TF for Angio-Mac.

3.3 IFN-Mac_CXCL9 and Angio-Mac are
correlated with differing prognosis in
cancer

IFN-primed macrophages, specifically IFN-Mac_CXCL9,
accumulated significantly in tumour samples, prompt-
ing further analysis. Analysis of TCGA datasets indi-
cated that elevated IFN-Mac_CXCL9 signature expression
is associated with improved survival in patients with
ovarian, endometrial and cervical cancers (Figure 3A).
This trend was further validated by multivariate Cox
regression controlling for age, stage and histological
grade (Figure S16). Signature gene analysis of IFN-
Mac_CXCL9 revealed 108 significantly up-regulated genes
in tumour-infiltrating cells including HLA-A, HLA-DRB1
and interferon-regulated genes (CXCL9, CXCL10 and
IL4I1) (Figures 3B and S7A and Table S4). Given that
CXCL9/10 are chemokines involved in immunoregula-
tion and inflammatory processes,32 andHLA-related genes
are essential for antigen presentation, we hypothesise
that IFN-Mac_CXCL9 plays a role in recruiting immune
cells and presenting antigens within the TME. Functional
enrichment analysis confirmed that tumour-infiltrating
IFN-Mac_CXCL9 participates in MHC class II protein
complex assembly and positively regulating lymphocyte
activation (Figure 3C).
Angio-Mac has been reported in various cancer

types33–37 and is known to accumulate in hypoxic
regions,38 promoting tumour progression and metastasis.
Survival analysis revealed significantly poorer outcomes
in patients with higher levels of Angio-Mac in TCGA
OV, UCEC and CESC datasets (Figures 3D and S16).
The consistency across multiple gynaecologic cancers
prompted further investigation into this macrophage sub-
set. Enrichment analysis of signature genes underscored
Angio-Mac’s contribution to vasculature development,

https://chip-atlas.org/
https://chip-atlas.org/
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F IGURE 3 Characteristics of IFN-Mac_CXCL9 and Angio-Mac. (A) Kaplan–Meier curves for overall survival generated from TCGA
cohorts of ovarian, endometrial and cervical cancer, demonstrating significant prognostic stratification based on gene signature of
IFN-Mac_CXCL9. (B) Differentially expressed genes between IFN-Mac_CXCL9 in tumours from the three cancer types and control tissues.
(C) Bar plot showing enriched pathways of up-regulated gene signatures of IFN-Mac_CXCL9 in tumours from the three cancer types. (D)
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angiogenesis and participation in the NF-κB signalling
pathway and TNF response (Figure 3E). Differentially
gene expression analysis revealed 39 up-regulated genes
in tumours, including VEGFA, NFKBIA, S100A10 and
C15orf48 (Figures 3F and S7B and Table S5). These
genes were involved in p53 signalling, hypoxia response
and processes promoting cell adhesion and tumour
cell invasion39–41 (Figure 3G). In contrast, 176 genes in
non-malignant samples were associated with transla-
tional initiation, wound healing and stress responses. As
mentioned earlier, SCENIC analysis identified NFKB1 as
the key TF for Angio-Mac (Figures 2F and 3H). Survival
analysis indicated that elevated NFKB1 expression corre-
lated with poorer survival outcomes in the TCGA-OV and
TCGA-CSEC datasets (Figures 3I and S16). Enrichment of
NFKB1 target genes indicated its role in TGF-β signalling
pathway, lipid storage, fibroblast migration and immune
suppression through IL-12 down-regulation (Figure 3J
and Table S6). NFKB1 expression was largely restricted
to monocytes and Angio-Mac (Figure 3H), supporting
the hypothesis that Angio-Mac formation is driven by
NF-κB signalling in monocytes, leading to differentiation
into a subset with angiogenic and immune suppressive
properties. To validate the regulatory role of NFKB1 and
NF-κB signalling in Angio-Mac, we utilised THP-1 cell
line for experiments. Scoring on macrophages using
classical M1 and M2 signatures42 showed that Angio-Mac
exhibited a strong M2-like feature (Figure S7C). THP-1
cells were differentiated into M0 macrophages using PMA
and then polarised into M2 macrophages through IL-4
and IL-3 stimulation for subsequent experiments. NFKB1
was knocked out using specifically designed sgRNA
via a lentiviral CRISPR–Cas9 system (Figure S8A). The
secretion of VEGFA in the supernatant from cell culture
assessed by ELISA showed a significant reduction after
NFKB1 knockout, which was also confirmed by qPCR
analysis of total RNA extracted from the cells (Figure 4A).
Moreover, we delved into the function of NF-κB signalling
within Angio-Mac, given its activation in these cells. M2
macrophages were exposed to the IKK inhibitor BAY 11-
7082, resulting in the suppression of the NF-κB signalling
pathway. Both ELISA and qPCR demonstrated a notable
reduction in VEGFA levels following NF-κB signalling
inhibition (Figure 4B). The results strongly indicate that
NF-κB signalling, particularly the TF NFKB1, is crucial in
the development of the Angio-Mac subset.

To further validate the relationship between IFN-
Mac_CXCL9 or Angio-Mac and clinical outcomes in
patients, mIHC staining were performed on FFPE samples
from 12 patients diagnosed with HGSOC, whom we fol-
lowed up for 5 years after their initial surgery. Among the
patients, six had a favourable outcome with no recurrence,
whereas the remaining six experienced tumour recur-
rence and died during the follow-up period (Table S3).
IFN-Mac_CXCL9 was defined as CD68+macrophages co-
expressing CXCL9 and its key TF, PITX1, while Angio-Mac
was defined as CD68+ macrophages co-expressing VCAN
andNFKB1 based on its signature genes (Figure 2D).mIHC
staining confirmed the presence of IFN-Mac_CXCL9 and
Angio-Mac infiltration in tumours, indicated by the co-
localisation of their gene signatures. The presence of
IFN-Mac_CXCL9 was predominantly observed in patients
with better survival outcomes (Figure 4C), whereas Angio-
Mac was more frequently detected in patients with poorer
survival outcomes (Figure 4D).

3.4 Diversity of tumour-infiltrating T
cells

The central and complex roles of T cells in the TME have
been widely recognised across various cancer types. As
noted earlier, T cells are a predominant component in
TIME of gynaecologic malignancies. To further explore
this, we re-clustered the T cells, with proliferating cells
included for high CD3D expression (Figure 1D), after fil-
tering genes in a manner similar to the approach used for
macrophages/monocytes. Although CD8A expression was
more pronounced compared with CD4, we found that the
distribution of these two markers in T cells was almost
mutually exclusive (Figure S9A). Consequently, T cells
were categorised into three primary subsets: CD4 T cells,
CD8 T cells and cycling T cells.
We subsequently analysed CD8 T cells, identifying eight

subtypes (Figures 5A and S9B). CD8 T cell subsets were
identified using established gene signatures from ovarian
cancer research,13 including naive T cells (GPR183+),
effector memory T cells (Tem; GZMK+), tissue-resident
T cells (Trm; IFIT3+), central memory T cells (Tcm;
DNAJB1+), exhausted T cells (Tex, CXCL13+), TEMRAs
(CX3CR1+) and proliferating T cells. A novel subset,
termed innate-like T cells, was identified, distinguished

Kaplan–Meier curves for overall survival generated from TCGA cohorts of ovarian, endometrial and cervical cancer, demonstrating
significant prognostic stratification based on gene signature of Angio-Mac. (E) Bar plot showing enriched pathways of gene signature of
Angio-Mac. (F and G) Differentially expressed genes (F) and differentially activated pathways (G) between Angio-Mac in tumours and control
tissues. (H) UMAP plot with colour-coding demonstrating regulatory activity (left) and gene expression (right) of NFKB1 in macro/mono. (I)
Kaplan–Meier curves for overall survival were generated from TCGA cohorts of ovarian and cervical cancer, demonstrating significant
prognostic stratification according to the expression of NFKB1. (J) Bar plot showing pathways regulated by NFKB1.
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F IGURE 4 Validation of the regulatory function of NFKB1 and the prognostic relevance of IFN-Mac_CXCL9 and Angio-Mac. (A and B)
Bar plots showing VEGFA secretion and expression in THP-1 derived M2 macrophages after NFKB1 knockout (A) or treatment with an IKK
inhibitor–BAY 11-7082 (B). (C-D) Representative images of mIHC staining for IFN-Mac_CXCL9 (C) using CD68, CXCL9 and PITX1 and
Angio-Mac (D) using CD68, VCAN and NFKB1. The arrows indicate cells positive for all three markers. Scale bars, 100 µm.
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F IGURE 5 Dynamic roles of T cells in tumour progression. (A and B) UMAP plot displaying the subclusters of CD8 (A) and CD4 T cells
(B). (C) Heatmap demonstrating the prevalence of each T cell cluster in control tissue and tubo-ovarian tumours with different stages
estimated by Ro/e score. (D) Fraction of Treg cells relative to the total CD8 T cell count in control tissues and tumours. The p values were
calculated by Mann–Whitney U-test. (E and F) Dot plot demonstrating the expression levels of co-inhibitory and co-stimulatory genes in
various CD8 (E) and CD4 (F) T cells in gynaecological cancers. (G and H) Heatmap showing the expression of a specific gene set in CD8 Tex
in different stages of tubo-ovarian cancer (G) and Kaplan–Meier curves for overall survival demonstrating the prognostic stratification based
on the expression of this gene set (H). (I and J) Typical up-regulated genes and enriched pathways of CD8 Trm cells in early- (I) or late-stage
(J) tubo-ovarian cancer. (K and L) Typical up-regulated genes and enriched pathways of TNFRSF9 Treg cells in early- (K) or late-stage (L)
tubo-ovarian cancer. ****p < 1.0e−4, **p < .01.
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by cytotoxic markers different from traditional TEMRAs
and marked by elevated FCER1G expression.43
We also performed subclustering on CD4 T cells, identi-

fying six distinct subsets (Figures 5B and S9C). CD4naive T
cells expressed immature markers, including CCR7, LEF1
and TCF7.42,44–47 CD4 central Tcm exhibited high expres-
sion of ANXA1,20,47,48 with moderate expression of naive
markers, but also showed cytotoxic characteristics (KLRB1,
GZMA), and were categorised by some studies as effec-
tor memory cells (TEM)22 or TEMRA.44 Th1-like cells
were identified by the expression of CXCL13, BHLHE40
and IFNG, indicating their effector roles. Regulatory T
(Treg) cells, known suppress immune effector cell activ-
ity and promote tumour immune escape,49,50 were divided
into two subgroups: one expressing FOXP3 and IL2RA
(also known as CD25) and marked by TNFRSF9,51 indi-
cating activation, and the other showing IFIT1 and IFIT3,
suggesting responsiveness to interferons.
To better understand the relationships between these

T cell subsets, we utilised Slingshot pseudospatial tra-
jectory analysis (Figure S10B). CD8 naïve T cells could
differentiate into either CD8 Tcm or Tem, with the former
representing an immature status. The latter differentiated
along three pathways, leading to Temra, Trm and Tex sub-
sets. Similarly, CD4 naïve T cells could differentiate into
CD4 Tcm, effective Th1-like cells or immunosuppressive
Treg cells.

3.5 Dynamics of T cell subsets in
tumour progression

To investigate the function of various T cell subsets in
cancer advancement, we compared the T cell composi-
tion in non-malignant tissues and tumours at both early
and late stages. In line with our prior research, Tex
cells were predominantly enriched in tumours compared
with non-malignant tissues,13 with the most pronounced
enrichment observed in early-stage tubo-ovarian cancer
(Figure 5C and Table S7), suggesting continuous anti-
gen stimulation of T cells by the tumour.52 A similar
pattern was seen in Trm cells in tubo-ovarian cancer.
In contrast, naive and Tcm cells were primarily found
in non-malignant tubo-ovarian tissue. The proportion of
CD4 T cell subsets varied as cancer progressed. In tubo-
ovarian cancer, activated Treg cells (TNFRSF9+) tended
to accumulate as tumour progressed from early to late
stage, illustrating an immunosuppressive property. An ele-
vated Treg/CD8 T cell ratio is linked to unfavourable
outcomes in ovarian cancer.53–55 We calculated this ratio
in our samples and found a general increase in all cancer
types, though this change was not significant in cervical
cancer (Figure 5D). This trend was particularly evident

in tubo-ovarian cancer, consistent with the significant
accumulation of Treg cells discussed earlier.
The significant rise in Treg cells and CD8 Tex cells,

accompanied by exhaustion markers, led us to examine
these subsets more closely. Exhaustion markers such as
CTLA4, HAVCR2, LAG3, PDCD1, CD47, TIGIT, BTLA and
CD200R1 are co-inhibitory immune checkpoint receptors
that prominently expressed in Treg cells and exhausted
T cells,50,52 facilitating the development of an immuno-
suppressive TIME and prompting immune evasion. These
markers were enriched in Treg cells and CD8 Tex cells,
as expected (Figure 5E, F). Specifically, Treg cells pri-
marily expressed CTLA4 and TIGIT, while CD8 Tex cells
expressed all of the exhaustionmarkers, with the exception
of CD47. Notably, CD8 Trm cells exhibited high levels of
LAG3 expression, consistent with our previous findings.13
Unlike the other exhaustion markers, CD47 was predom-
inantly expressed in CD8 Trm, Temra and IFIT3 Treg
cells.
Costimulatory receptors are essential for T cell

activation and sustaining T cell-mediated immune
responses,56,57 alongside co-inhibitory receptors. Our
study identified an enrichment of CD28, ICOS and
tumour necrosis factor receptor superfamily members,
including TNFRSF4 (OX40), TNFRSF9 (4-1BB), TNFRSF7
(CD27) and TNFRSF18 (GITR), in both Treg cells and CD8
Tex cells, indicating a dual role in immune regulation.
Furthermore, CD40LG, a co-stimulatory ligand that binds
to CD40 on antigen-presenting cells (APCs),57 was highly
expressed in CD8 Tcm, CD8 Trm, Th1-like and CD4 Tcm
cells, indicating their involvement in APC activation.58
To further investigate the molecular features of CD8

Tex, CD8 Trm and Treg cells at different stages of tumour
progression, we performed differential gene analysis. We
found that 10 genes within the CD8 Tex signature, includ-
ing CD74, SH3BGRL3, LSP1, LCP2, CORO1A, TPI1, JUN,
RAC2, HCLS1 and TOX, were up-regulated as tumours
progressed from normal tissue to early- and late-stage
tubo-ovarian cancer (Figure 5G). Elevated expression of
this gene set correlatedwith poorer survival in ovarian can-
cer (Figure 5H). Functional enrichment analysis of genes
highly expressed in early-stage tumours indicated an up-
regulation of tumour necrosis factor signalling pathways
in CD8 Trm and TNFRSF9 Treg cells (Figure 5I, K). Early-
stage Trm cells exhibited significant abundance in path-
ways linked to cytokine signalling and innate immunity
modulation. In late-stage tumours, genes highly expressed
in Trm cells were involved in the intrinsic apoptotic sig-
nalling through the p53-mediated pathway (Figure 5J).
Conversely, genes up-regulated in Treg cells were asso-
ciated with T cell tolerance induction, NF-κB signalling
and pyruvate metabolic (Figure 5L), pathways linked to
immune evasion and poor prognosis. In conclusion, T
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cells exhibit anti-tumour activity during the early stages
of cancer, while in the later stages, they may contribute to
immune tolerance, facilitating tumour progression.

3.6 Characterisation of
tumour-infiltrating B cells

While earlier investigations on lymphocytes in the TME
of gynaecologic cancers mainly concentrated on T cells,
current studies highlight the important roles of B cells
across human cancers. B cells, integral to humoral immu-
nity, differentiate into antibody-producing plasma cells,
present antigens to T cells and are potential targets for
immunotherapy.23,59,60 In our analysis, we calculated the
percentage of B cells in various datasets and observed a low
proportion in normal ovaries and endometrial tissues. The
proportion of B cells was notably higher in tubo-ovarian
cancer samples than in non-malignant ones (Figure 6A).
Four subsets of B cells have been identified inmetastatic

ovarian cancer: naive B cells, germinal centre B cells,
plasma cells and plasmablasts.61 However, a more detailed
characterisation of B cell subsets in gynaecologic malig-
nancies has not been established, partly due to the rel-
atively low number of B cells in these cancers. After
excluding samples lacking B cell-related genes, we per-
formed subclustering on the remaining samples based on
intersection of the sequenced genes. We identified five
distinct clusters of CD19+ MS4A1+ B cells (Figure 6B).
Annotation based on published studies categorised these
clusters as:memory B cells (CD27+ IGHM+), IFN-induced
memory B cells (CD27+ IGHM+ IFIT3+), atypical mem-
ory B cells (CD27− IGHD− IGHM+, also referred to as
double-negative B cells or exhausted B memory cells60),
naive B cells (CD27− IGHM+ IGHD+TCL1A+) and germi-
nal centre B cells (SUGCT+) (Figure 6C).While regulatory
B (Breg) cells, expressing GZMB and IL-10, has been
reported in breast cancer,62,63 they were not detected in
our dataset, and thus were not yet defined in gynaecologic
malignancies. Analysis of B cell proportions revealed that
IFN-induced memory B cells were more prevalent in the
three types of tumours comparedwith their non-malignant
counterparts, with statistical significance observed only in
ovarian cancer (Figures 6D and S11B,C). The proportion of
memory B cells increased in late-stage tubo-ovarian can-
cer, while atypical memory B cells decreased in both early
and late stages. However, this trend was not observed in
endometrial or cervical cancers.
Previous research indicated that CD27− IGHD− atypi-

cal memory B cells contribute to an immunosuppressive
microenvironment and are linked to poorer prognosis,
while memory B cells correlate with enhanced therapeutic
efficacy and extended survival.60 To explore the prognostic

potential of these two B cell subsets in gynaecologic malig-
nancies, we performed survival analysis. Interestingly, we
found that elevated memory B cell signature expression
correlated with improved outcomes, while atypical mem-
ory B cell signature was linked to poorer prognosis in
the TCGA OV, UCEC and CESC datasets (Figures 6E, F
and S16). Atypical memory B cells exhibited high expres-
sion of activation markers such as CD83, NR4A1 and
CD69,60,64-66 along with stress-related genes like HSPH1
and FOSB (Figure 6C). Enrichment analysis revealed that
atypical memory B cell signatures were linked to RNA
silencing, splicing, stress response and the negative reg-
ulation of both phosphate metabolic processes and stem
cell differentiation (Figure 6G). In contrast, memory B
cells expressed high levels of ITGB1, IGHA and IGHG
(Figure 6C), indicative of their role in promoting anti-
tumour immune response. Enrichment analysis further
validated the participation of memory B cells in humoral
immunity, T cell activation, complement activation and
oxidative phosphorylation (Figure 6G).
We also investigated the TFs involved in B cell differen-

tiation through SCENIC analysis. This analysis identified
KLF12, NR3C1, PPARD, RARA, RFX3, SMAD3, SREBF2,
ZBTB20 and ZNF407 as the top TFs for atypical mem-
ory B cells (Figure 6H), which we found to correlate with
unfavourable prognosis (Figures 6I and S16). Among these
TFs, ZBTB20 has been reported to increase themalignancy
of various cancers.67 Our analysis identified that ZBTB20
modulates 1197 genes in B cells, influencing processes such
as protein dephosphorylation, stress response, NF-κB sig-
nalling and TOR signalling pathways, thereby reinforcing
its pro-tumour function (Figure 6J and Table S10). In con-
trast, many of the key TFs for memory B cells, including
BATF3, CREB3,HOXA10, RFX1, TFAP4 and ZNF549, were
also shared by IFN-induced memory B cells, suggesting a
similar evolutionary trajectory for these two subsets.

3.7 Crosstalk between cells within the
TME

We applied CellPhoneDB to investigated cell–cell interac-
tions within the TME of tubo-ovarian, endometrial and
cervical cancers. Significant interactions were observed
between macrophage subtypes and between macrophages
and T or NK cells, consistently across all three cancer types
(Figure S12A–C). Given our findings that Angio-Mac and
IFN-Mac_CXCL9 were correlated with worse and better
survival, respectively, we focus on their communication
with other immune cells. Overall, IFN-Mac_CXCL9 exhib-
ited more extensive communication within the TIME than
Angio-Mac, particularlywithmacrophages, T cells andNK
cells, which aligns with its role in recruiting immune cells
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F IGURE 6 Identification and characteristics of B cells. (A) Percentages of B cells in tumours and control tissues. The p values were
calculated by Mann–Whitney test. (B) UMAP plot displaying the re-clustering B cells with distinct colours assigned to each subset. (C) Violin
plot depicting the re-clustering of B cells with distinct signature genes. (D) The fraction of each cluster relative to the total B cell count in
control tissues and early-stage or late-stage tubo-ovarian cancer. The p-values were calculated by Kruskal–Wallis test. (E and F) Kaplan–Meier
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(Figure 7A). The crosstalk between Angio-Mac and T/NK
cells primarily occurred through CD55-ADGRE5 and
CD93-IFNGR1 interactions (Figure 7B). In tubo-ovarian
cancer, interactions between IFN-Mac_CXCL9 and T/NK
cells were mediated by CXCL9/10/11–CXCR3 and CCL3–
CCR5 interactions, with similar pattern observed in cervi-
cal cancer. Interestingly, themost significant interaction in
tubo-ovarian cancer was CXCL10–CXCR3, while in cervi-
cal cancer, it was CXCL9–CXCR3. This crosstalk was more
moderate in endometrial cancer (Figure S12D). To further
validate the recruitment of T cells by IFN-Mac_CXCL9,
chemotaxis assays were performed. Considering a highly
M1-like feature (Figure S7C), we generated THP-1-derived
M1 macrophages as a resource for IFN-Mac_CXCL9. THP-
1 differentiated M0 cells underwent M1 polarisation upon
LPS and IFN-γ stimulation. Following CXCL9 knock out
via sgRNAs (Figure S8B), M1 macrophages were co-
cultured with Jurkat T cells in a Transwell system for
4 h. As expected, the migration of T cells was significantly
reduced after CXCL9 knockout (Figure 7C). Additionally,
wemeasured the concentration of IL-2, a cytokine secreted
by activated T cells, from the co-culture system via ELISA.
We found a significant decrease in IL-2 secretion upon
CXCL9 knockout (Figure 7D), further supporting the func-
tional recruitment of T cells through IFN-Mac_CXCL9 via
CXCL9. We also found that various types of T cells and NK
cells secreted similar molecules that acted on Angio-Mac
or IFN-Mac_CXCL9 (Figure S12E). Macrophage subsets
were recruited by CD8 T cells and NK cells through
the CCL5–CCR1 interaction, a mechanism not seen in
CD4 T cells. In summary, our analysis of immune cell
crosstalk enhances the understanding of macrophage–T
cell interactions, potentially guiding the development of
new immunotherapies tomodulate the immune landscape
in gynaecologic malignancies.
The angiogenic potential of Angio-Mac has been dis-

cussed above; here, we further investigated its interaction
with endothelial cells. Re-clustering of endothelial cells
identified five distinct subtypes: arterial, venous, capil-
lary, lymphatic endothelial cells and tip cells68–70 (Figure
S13A–C). CellphoneDB analysis verified that Angio-Mac
influences endothelial cells by secreting vascular endothe-
lial growth factors (VEGF), notably highlighting the cru-
cial role of VEGFA (Figure 7E). Moreover, Angio-Mac
primarily modulates lymphatic endothelial cells in tubo-
ovarian and endometrial cancers through the VEGFA–

NRP2 axis. Additionally, all endothelial subsets were
found to secrete APP, which acts on Angio-Mac (Figure
S13D). Notably, our analysis highlighted the Angio-Mac–
Tip cell interaction as the most prominent (Figure 7F),
with tip cells recognised for their role in guiding vascu-
lar sprout.68–71 In conclusion, the communications with
endothelial cells provide further evidence of the pro-
angiogenic functions of Angio-Mac.

4 DISCUSSION

The clinical response to immunotherapy in the threemajor
gynaecological malignancies—ovarian, endometrial and
cervical cancer—remain suboptimal, in part due to an
incomplete understanding of the TIME. Recent advances
inmulti-omics and single-cell transcriptomic analysis have
greatly enhances our grasp of the complex TIME, revealing
innovative treatment approaches and targets.72–74 While
many researchers have investigated the immune landscape
of gynaecologic cancers, themajority have concentrated on
individual tumour types or a restricted range of immune
components.11,12 This study presents a detailed single-cell
atlas of the immune landscape in gynaecological tumours,
revealing novel insights into the dynamic shifts of immune
cell populations throughout tumour progression. Analy-
sis on immune cell profiles across non-malignant tissues
and tumours at different stages reveals crucial immune cell
traits linked to clinical outcomes, potentially informing
future therapeutic approaches.
One of the most notable findings were the significant

increase in macrophage infiltration in tumours compared
with normal tissues, supporting the established role of
TAMs in promoting tumour progression, metastasis and
immune evasion.75 We have identified two distinct pop-
ulations of IFN-primed macrophages, typically found in
low quantities in normal tissues but significantly ele-
vated in tumours, are pivotal in the immune response
to cancer. In addition, using the TCGA database, we
observed that gene signature of IFN-Mac_CXCL9 was
associated with better prognosis, likely due to their capa-
bility to recruit T cells and exert anti-tumour effects. This
finding aligns with our previous report identifying an
M1-like TAM subset with antitumour properties through
CXCL9/10/11 expression,13 and prior studies reporting that
CXCL9/10/11-producing macrophages and DCs enhance

curves for overall survival generated from TCGA cohorts of ovarian, endometrial and cervical cancer, demonstrating significant prognostic
stratification based on gene signature of memory B cells (E) and atypical memory B cells (F). (G) Bar plot showing differentially activated
pathways in atypical memory B cells and memory B cells. (H) Heatmap showing specific TFs for each subset of B cells. The activity of TFs was
represented by scaled AUCell score. (I) Kaplan–Meier curves for overall survival were generated from TCGA cohorts of ovarian, endometrial
and cervical cancer, demonstrating significant prognostic stratification based on the expression of specific TFs for atypical memory B cells. (J)
Bar plot showing pathways regulated by ZBTB20. ***p < 1.0e−3, *p < .05.
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F IGURE 7 Communications between immune cells in the tumour microenvironment. (A) The communication network showing
counts of significant interactions between Angio-Mac or IFN-Mac_CXCL9 (ligand) and the TIME (receptor). (B) Dot plots showing
communication between Angio-Mac, IFN-Mac_CXCL9 (ligand) and T cells and NK cells (receptor) in tubo-ovarian and cervical cancer. (C)
Migration of Jurkat T cells estimated via flow cytometry upon cocultured with THP-1 derived M1 macrophages in which NFKB1 has been
knocked out. (D) Levels of IL-2 in the supernatant of the Jurkat T–THP-1 co-culture system measured by ELISA. (E) Dot plots showing
communication between Angio-Mac (ligand) and endothelial cells (receptor) in tubo-ovarian, endometrial and cervical cancer. (F) Heatmap
displaying counts of significant interactions between Angio-Mac and endothelial cells.
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lymphocyte infiltration and sensitise tumours to immune
checkpoint blockade.76 Analysis on cell–cell crosstalk and
functional validation through chemotaxis assays provided
direct mechanistic evidence that IFN-Mac_CXCL9 could
recruit and activate T cells. On the other hand, a subset
with an angiogenesis-associated gene signature, termed
Angio-Mac, was linked to poorer survival. Interestingly,
this subset was also present in non-malignant tissue, sug-
gesting that its role may vary depending on the tissue
context. In normal tissues, Angio-Mac may contribute to
stress responses and wound healing, while in tumours,
it promotes cell adhesion and p53 signalling, both of
which are associated with poor prognosis in gynaecolog-
ical malignancies.39,41 Furthermore, we identified NFKB1
as a key TF drivingAngio-Mac activation. NFKB1, a central
player in the NF-κB signalling pathway, has been pin-
pointed as a tumour-promoting agent that fosters tumour
cell growth and angiogenesis.77 The NFKB1-driven gene
signature includes pathways involved in IL-12 down-
regulation, TGF-β signalling, lipid storage and fibroblast
migration. Notably, IL-12, produced by APCs, is essen-
tial for T cell activation,78 whereas TGF-β reduces the
tumour-fighting capabilities of macrophages and T cells
and enhances Treg cell function.79 Our experiments con-
firmed that both genetic silencing of NFKB1 and phar-
macological inhibition of IKK/NFκB signalling markedly
reduce VEGFA expression in M2-polarised macrophages,
thereby validating NF-κB as a key regulator of the Angio-
Mac subset. These findings elucidate the transcriptional
mechanism of macrophage-driven angiogenesis in gynae-
cologic cancers and highlight the therapeutic potential of
targeting NF-κB signalling to reduce tumour vasculari-
sation and immune suppression. As anti-VEGF therapy
(e.g. bevacizumab) has been applied in the management
of ovarian and cervical cancer, we advocate for research
on whether NF-κB pathway inhibitors could synergise
with anti-VEGF treatment to improve therapeutic efficacy.
Overall, our findings regarding macrophage heterogeneity
both align with and extend beyond established paradigms.
The identification of two functionally discrete interferon-
primed macrophages within the same microenvironment,
the demonstration of NFKB1 as a pro-angiogenesis factor
and the robustly consistent prognostic significance across
all three cancer types offers novel insight into the TME of
gynaecologic malignancies.
We also investigated the dynamics of T cell subsets

during tumour progression. Our findings revealed a pro-
nounced enrichment of CD8 Tex cells and Treg cells
in the TME, compared with normal tissues. CD8 Tex
cells exhibited high expression of multiple co-inhibitory
receptors, indicative of T cell dysfunction following per-
sistent antigenic stimulation. Similarly, the up-regulation
of co-inhibitory receptors on Treg cells has been well

documented,50 and we observed that Treg cells in gynae-
cological malignancies predominantly expressed CTLA4
and TIGIT. These findings reinforce the rationale for tar-
geting immune checkpoints, such as CTLA4 and PD1, in
order to reverse T cell dysfunction and improve clinical
outcomes in these cancers. Interestingly, we also found
that co-stimulatory receptors were highly expressed on
both CD8 Tex cells and Treg cells. This suggests that while
these cells contribute to the immunosuppressive TME,
theymay also retain the potential for activation. Activating
co-stimulatory pathways may enhance T cell anti-tumour
responses, presenting a potential therapeutic intervention.
In addition, we observed that CD8 Trm cells, which are
critical for immune surveillance, also showed an increased
presence in tumours, particularly in early-stage ovarian
cancer. Differential gene expression analysis indicated that
both CD8 Trm cells and TNFRSF9 Treg cells contribute
to immune responses in early-stage tubo-ovarian cancer.
As tumours advance, these cells shift to roles that promote
immune suppression and poorer clinical outcomes, under-
scoring the dynamic nature of T cell responses, which
reveals a novel mechanism for the development of a sup-
pressive TIME in advanced cancers. Immune checkpoint
inhibitor therapies have demonstrated modest response in
subsets of patients with cervical (e.g., Pembrolizuma80)
and endometrial cancers (e.g., Dostarlima81), whereas
ovarian cancer has remained largely refractory.16–18 Our
analysis indicated that the abundance of immunosuppres-
sive CD8 T cells and Treg cells, particularly in advanced
tumours, along with reduced IFN-Mac_CXCL9 activity,
may contribute to therapeutic resistance. This finding
offers a mechanistic basis for enhancing immunotherapy
combinations by potentially activating IFN-Mac_CXCL9
alongside immune checkpoint inhibitors.
Despite their smaller presence in the immune microen-

vironment, we identified five distinct B cell subsets in
gynaecological tumours. Aligned with prior research, our
findings indicated that memory and atypical memory B
cells influence patient prognosis differently in gynaecolog-
ical tumours.60 However, due to the limited number of B
cells within these tumours, deeper analysis is required to
thoroughly assess B-cell-directed therapeutic options.
While this study provides valuable insights, several limi-

tationswarrant recognition. First, the limited sample scope
of endometrial and cervical cancer restricts the general-
isability of our findings in these tumour types. Further
studies with larger datasets are necessary to improve sta-
tistical power and refine the characterisation of immune
heterogeneity in these cancers. Moreover, as our study
integrated publicly available single-cell datasets, inherent
differences in tissue processing, sequencing depth and
patient background may introduce potential biases. While
we employed appropriate integration methods to min-
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imise batch effects and sample heterogeneity, technical or
biological variability between samples cannot be entirely
exclude. Additionally, the translation of single-cell-derived
gene signatures to bulk RNA-seq data introduces interpre-
tational challenge, partially due to variable immune cell
proportions, whichmay confound the association between
gene signatures and clinical outcomes. Another limitation
pertains to the absence of Breg cells in our database. This
could be due to their low abundance in gynaecological
tumours or limitations in marker gene expression for Breg
cell identification.
To summarise, this study provides a comprehensive

single-cell atlas of the immune landscape in gynae-
cological tumours, enhancing our comprehension of
immune cell functional variety and their interconnec-
tions. Our research underscores the essential influence of
macrophages and T lymphocytes in shaping the immuno-
suppressive TME, offering key insights for creating new
therapeutic approaches. The identification of the Angio-
Mac subset, associated with poorer survival, along with
the dynamic profiling of T cell subsets, offers new avenues
for targeting immune checkpoints and co-stimulatory
pathways to improve clinical outcomes in gynaecological
cancers.

AUTH OR CONTRIBUT IONS
J.X. conceived the project. S.Y., S.L. and M.T. analysed
the data and performed the experiment. S.Y. wrote the
original draft. J.X. revised the paper. J.X. supervised the
project.

ACKNOWLEDGEMENTS
The authors would like to acknowledge the support
received for this work from the National Natural Science
Foundation of China (Grant No. 82472891, awarded to J.
Xu), the National Natural Science Fund for Young Scien-
tists Fund Program C(Grant No. 82203621, awarded to S.
Li), the Key Program of Zhejiang Province Natural Science
Foundation of China (Grant No. LZ24H160001, awarded
to J. Xu), 4+X Clinical Research Project of Women’s Hos-
pital, School of Medicine, Zhejiang University (Grant No.
ZDFY2022-4X202, awarded to J. Xu) and Medical Interdis-
ciplinary Innovation Program 2024, Zhejiang University
School of Medicine.

CONFL ICT OF INTEREST STATEMENT
The authors declare no conflicts of interest.

DATA AVAILAB IL ITY STATEMENT
The datasets used and/or analysed during the current
study are available from the corresponding author on rea-
sonable request. Accession number for the public datasets
used in our study was listed in Table S1, S2.

ETH ICS STATEMENT
Patient tissue collection received approval from the Ethics
Committee of Women’s Hospital, School of Medicine,
Zhejiang University (approval number: IRB-20210064-R).

CONSENT
All authors have agreed to publish this manuscript.

ORCID
JunfenXu https://orcid.org/0000-0002-2377-0775

REFERENCES
1. Bray F, Laversanne M, Sung H, et al. Global cancer statis-

tics 2022: gLOBOCAN estimates of incidence and mortality
worldwide for 36 cancers in 185 countries. CA Cancer J Clin.
2024;74(3):229-263.

2. Burd EM. Human papillomavirus and cervical cancer. Clin
Microbiol Rev. 2003;16(1):1-17.

3. Seidman JD, Horkayne-Szakaly I, Haiba M, Boice CR, Kurman
RJ, Ronnett BM. The histologic type and stage distribution of
ovarian carcinomas of surface epithelial origin. Int J Gynecol
Pathol. 2004;23(1):41-44.

4. Lee Y,MironA,Drapkin R, et al. A candidate precursor to serous
carcinoma that originates in the distal fallopian tube. J Pathol.
2007;211(1):26-35.

5. Reade CJ, McVey RM, Tone AA, et al. The fallopian tube as the
origin of high grade serous ovarian cancer: review of a paradigm
shift. J Obstet Gynaecol Can. 2014;36(2):133-140.

6. Dinh HQ, Lin X, Abbasi F, et al. Single-cell transcriptomics
identifies gene expression networks driving differentiation
and tumourigenesis in the human fallopian tube. Cell Rep.
2021;35(2):108978.

7. Amant F, Moerman P, Neven P, Timmerman D, Van Limbergen
E, Vergote I. Endometrial cancer. Lancet. 2005;366(9484):491-
505.

8. Hernandez AV, Pasupuleti V, Benites-Zapata VA, Thota P,
Deshpande A, Perez-Lopez FR. Insulin resistance and endome-
trial cancer risk: a systematic review and meta-analysis. Eur J
Cancer. 2015;51(18):2747-2758.

9. Smrz SA, Calo C, Fisher JL, Salani R. An ecological evaluation of
the increasing incidence of endometrial cancer and the obesity
epidemic. Am J Obstet Gynecol. 2021;224(5):506. e501-506.e508.

10. Habeshian TS, Peeri NC, De Vivo I, et al. Hypertension and
risk of endometrial cancer: a pooled analysis in the epidemiol-
ogy of endometrial cancer consortium (E2C2).Cancer Epidemiol
Biomarkers Prev. 2024;33(6):788-795.

11. Hornburg M, Desbois M, Lu S, et al. Single-cell dissection of cel-
lular components and interactions shaping the tumor immune
phenotypes in ovarian cancer. Cancer Cell. 2021;39(7):928-944.
e926.

12. Fan J, Lu F,Qin T, et al.Multiomic analysis of cervical squamous
cell carcinoma identifies cellular ecosystems with biological and
clinical relevance. Nat Genet. 2023;55(12):2175-2188.

13. Xu J, Fang Y, Chen K, et al. Single-Cell RNA sequencing reveals
the tissue architecture in human high-grade serous ovarian
cancer. Clin Cancer Res. 2022;28(16):3590-3602.

14. Xu J, Lu W, Wei X, et al. Single-cell transcriptomics reveals
the aggressive landscape of high-grade serous carcinoma and

https://orcid.org/0000-0002-2377-0775
https://orcid.org/0000-0002-2377-0775


YIN et al. 19 of 20

therapeutic targets in tumor microenvironment. Cancer Lett.
2024;593:216928.

15. Cassier PA, Navaridas R, Bellina M, et al. Netrin-1 block-
ade inhibits tumour growth and EMT features in endometrial
cancer. Nature. 2023;620(7973):409-416.

16. Matulonis UA, Shapira-Frommer R, Santin AD, et al. Antitumor
activity and safety of pembrolizumab in patients with advanced
recurrent ovarian cancer: results from the phase II KEYNOTE-
100 study. Ann Oncol. 2019;30(7):1080-1087.

17. Hamanishi J, Takeshima N, Katsumata N, et al. Nivolumab ver-
sus gemcitabine or pegylated liposomal doxorubicin for patients
with platinum-resistant ovarian cancer: open-label, random-
ized trial in Japan (NINJA). J Clin Oncol. 2021;39(33):3671-
3681.

18. Moore KN, Bookman M, Sehouli J, Atezolizumab etal. Beva-
cizumab, and chemotherapy for newly diagnosed stage III
or IV ovarian cancer: placebo-controlled randomized phase
III trial (IMagyn050/GOG 3015/ENGOT-OV39). J Clin Oncol.
2021;39(17):1842-1855.

19. Wu T, Hu E, Xu S, et al. clusterProfiler 4.0: a universal
enrichment tool for interpreting omics data. Innovation (Camb).
2021;2(3):100141.

20. Guo X, Zhang Y, Zheng L, et al. Global characterization of T
cells in non-small-cell lung cancer by single-cell sequencing.Nat
Med. 2018;24(7):978-985.

21. Zeng D, Ye Z, Shen R, et al. IOBR: multi-omics immuno-
oncology biological research to decode tumor microenviron-
ment and signatures. Front Immunol. 2021;12:687975.

22. Shen Y, Ren Y, Chen K, et al. The impact of neoadjuvant
chemotherapy on the tumor microenvironment in advanced
high-grade serous carcinoma. Oncogenesis. 2022;11(1):43.

23. Laumont CM, Banville AC, Gilardi M, Hollern DP, Nelson
BH. Tumour-infiltrating B cells: immunological mechanisms,
clinical impact and therapeutic opportunities. Nat Rev Cancer.
2022;22(7):414-430.

24. Cassetta L, Pollard JW. Targeting macrophages: therapeutic
approaches in cancer. Nat Rev Drug Discov. 2018;17(12):887-904.

25. Cassetta L, Fragkogianni S, Sims AH, et al. Human tumor-
associated macrophage and monocyte transcriptional land-
scapes reveal cancer-specific reprogramming, biomarkers, and
therapeutic targets. Cancer Cell. 2019;35(4):588-602. e510.

26. Pittet MJ, Michielin O, Migliorini D. Clinical relevance
of tumour-associated macrophages. Nat Rev Clin Oncol.
2022;19(6):402-421.

27. Ma R-Y, Black A, Qian B-Z. Macrophage diversity in can-
cer revisited in the era of single-cell omics. Trends Immunol.
2022;43(7):546-563.

28. Li C, Hua K. Dissecting the single-cell transcriptome network of
immune environment underlying cervical premalignant lesion,
cervical cancer and metastatic lymph nodes. Front Immunol.
2022;13:897366.

29. RenX, Liang J, ZhangY, et al. Single-cell transcriptomic analysis
highlights origin and pathological process of human endometri-
oid endometrial carcinoma. Nat Commun. 2022;13(1):6300.

30. Ivashkiv LB, Donlin LT. Regulation of type I interferon
responses. Nat Rev Immunol. 2014;14(1):36-49.

31. Darnell JE, Kerr IM, Stark GR. Jak-STAT pathways and tran-
scriptional activation in response to IFNs and other extracellular
signaling proteins. Science. 1994;264(5164):1415-1421.

32. Tokunaga R, Zhang W, Naseem M, et al. CXCL9, CXCL10,
CXCL11/CXCR3 axis for immune activation—A target for novel
cancer therapy. Cancer Treat Rev. 2018;63:40-47.

33. Sathe A, Grimes SM, Lau BT, et al. Single-cell genomic char-
acterization reveals the cellular reprogramming of the gastric
tumor microenvironment. Clin Cancer Res. 2020;26(11):2640-
2653.

34. Sharma A, Seow JJW, Dutertre C-A, et al. Onco-fetal
reprogramming of endothelial cells drives immunosup-
pressive macrophages in hepatocellular carcinoma. Cell.
2020;183(2):377-394. e321.

35. Zhang L, Li Z, Skrzypczynska KM, et al. Single-cell analy-
ses inform mechanisms of myeloid-targeted therapies in colon
cancer. Cell. 2020;181(2):442-459. e429.

36. Yang Q, Zhang H, Wei T, et al. Single-cell RNA sequencing
reveals the heterogeneity of tumor-associated macrophage in
non-small cell lung cancer and differences between sexes. Front
Immunol. 2021;12:756722.

37. Zhang Q, Cheng S, Wang Y, et al. Interrogation of the microen-
vironmental landscape in spinal ependymomas reveals dual
functions of tumor-associated macrophages. Nat Commun.
2021;12(1):6867.

38. Talks KL, Turley H, Gatter KC, et al. The expression and dis-
tribution of the hypoxia-inducible factors HIF-1alpha and HIF-
2alpha in normal human tissues, cancers, and tumor-associated
macrophages. Am J Pathol. 2000;157(2):411-421.

39. Dhaliwal D, Shepherd TG. Molecular and cellular mechanisms
controlling integrin-mediated cell adhesion and tumor progres-
sion in ovarian cancer metastasis: a review. Clin Exp Metastasis.
2022;39(2):291-301.

40. Sivakumar S, Lieber S, Librizzi D, et al. Basal cell adhesion
molecule promotes metastasis-associated processes in ovarian
cancer. Clin Transl Med. 2023;13(1):e1176.

41. Liu Y, Su Z, Tavana O, Gu W. Understanding the complex-
ity of p53 in a new era of tumor suppression. Cancer Cell.
2024;42(6):946-967.

42. Azizi E, Carr AJ, Plitas G, et al. Single-cell map of diverse
immune phenotypes in the breast tumor microenvironment.
Cell. 2018;174(5):1293-1308. e1236.

43. Chou C, Zhang X, Krishna C, et al. Programme of self-
reactive innate-like T cell-mediated cancer immunity. Nature.
2022;605(7908):139-145.

44. Qian J, Olbrecht S, Boeckx B, et al. A pan-cancer blueprint of the
heterogeneous tumor microenvironment revealed by single-cell
profiling. Cell Res. 2020;30(9):745-762.

45. Zhang L, Yu X, Zheng L, et al. Lineage tracking reveals
dynamic relationships of T cells in colorectal cancer. Nature.
2018;564(7735):268-272.

46. Tirosh I, Izar B, Prakadan SM, et al. Dissecting the multicellu-
lar ecosystem of metastatic melanoma by single-cell RNA-seq.
Science. 2016;352(6282):189-196.

47. Zhang Q, He Y, Luo N, et al. Landscape and dynamics of single
immune cells in hepatocellular carcinoma. Cell. 2019;179(4):829-
845. e820.

48. Sade-Feldman M, Yizhak K, Bjorgaard SL, et al. Defining T cell
states associatedwith response to checkpoint immunotherapy in
melanoma. Cell. 2018;175(4):998-1013. e1020.

49. Cuadrado E, van den Biggelaar M, de Kivit S, et al. Pro-
teomic analyses of human regulatory t cells reveal adaptations



20 of 20 YIN et al.

in signaling pathways that protect cellular identity. Immunity.
2018;48(5):1046-1059. e1046.

50. Li C, Jiang P, Wei S, Xu X, Wang J. Regulatory T cells in tumor
microenvironment: new mechanisms, potential therapeutic
strategies and future prospects.Mol Cancer. 2020;19(1):116.

51. Zheng L, Qin S, Si W, et al. Pan-cancer single-cell landscape of
tumor-infiltrating T cells. Science. 2021;374(6574):abe6474.

52. Philip M, Schietinger A. CD8+ T cell differentiation and dys-
function in cancer. Nat Rev Immunol. 2022;22(4):209-223.

53. Gajewski TF, Schreiber H, Fu Y-X. Innate and adaptive
immune cells in the tumor microenvironment. Nat Immunol.
2013;14(10):1014-1022.

54. van der Leun AM, Thommen DS, Schumacher TN. CD8+ T cell
states in human cancer: insights from single-cell analysis. Nat
Rev Cancer. 2020;20(4):218-232.

55. Sato E, Olson SH, Ahn J, et al. Intraepithelial CD8+ tumor-
infiltrating lymphocytes and a high CD8+/regulatory T cell ratio
are associated with favorable prognosis in ovarian cancer. PNAS.
2005;102(51):18538-18543.

56. Watts TH. TNF/TNFR familymembers in costimulation of T cell
responses. Annu Rev Immunol. 2005;23:23-68.

57. Mayes PA, Hance KW, Hoos A. The promise and challenges of
immune agonist antibody development in cancer. Nat Rev Drug
Discov. 2018;17(7):509-527.

58. AraA,AhmedKA,Xiang J.Multiple effects of CD40-CD40L axis
in immunity against infection and cancer. Immunotargets Ther.
2018;7:55-61.

59. Laumont CM, Nelson BH. B cells in the tumor microenvi-
ronment: multi-faceted organizers, regulators, and effectors of
anti-tumor immunity. Cancer Cell. 2023;41(3):466-489.

60. Ma J,Wu Y,Ma L, et al. A blueprint for tumor-infiltrating B cells
across human cancers. Science. 2024;384(6695):eadj4857.

61. Olalekan S, Xie B, Back R, Eckart H, Basu A. Characterizing the
tumormicroenvironment ofmetastatic ovarian cancer by single-
cell transcriptomics. Cell Rep. 2021;35(8):109165.

62. Lu Y, Zhao Q, Liao J-Y, et al. Complement signals determine
opposite effects of b cells in chemotherapy-induced immunity.
Cell. 2020;180(6):1081-1097. e1024.

63. Hu Q, Hong Y, Qi P, et al. Atlas of breast cancer infiltrated B-
lymphocytes revealed by paired single-cell RNA-sequencing and
antigen receptor profiling. Nat Commun. 2021;12(1):2186.

64. Breloer M, Fleischer B. CD83 regulates lymphocyte maturation,
activation and homeostasis. Trends Immunol. 2008;29(4):186-
194.

65. Brooks JF, Tan C, Mueller JL, et al. Negative feedback by
NUR77/Nr4a1 restrains B cell clonal dominance during early
T-dependent immune responses. Cell Rep. 2021;36(9):109645.

66. Shiow LR, Rosen DB, Brdicková N, et al. CD69 acts downstream
of interferon-alpha/beta to inhibit S1P1 and lymphocyte egress
from lymphoid organs. Nature. 2006;440(7083):540-544.

67. Stoyanov D, Stoyanov GS, Ivanov MN, Spasov RH, Tonchev AB.
Transcription factor Zbtb20 as a regulator of malignancy and its
practical applications. Int J Mol Sci. 2023;24(18):13763.

68. Geldhof V, de Rooij LPMH, Sokol L, et al. Single cell atlas iden-
tifies lipid-processing and immunomodulatory endothelial cells
in healthy and malignant breast. Nat Commun. 2022;13(1):5511.

69. Lou B, Zeng L, Gao X, et al. A single-cell transcriptomic atlas of
the human ciliary body. Cell Mol Life Sci. 2022;79(10):528.

70. Li J, Wang D, Tang F, Ling X, Zhang W, Zhang Z. Pan-cancer
integrative analyses dissect the remodeling of endothelial cells
in human cancers. Natl Sci Rev. 2024;11(9):nwae231.

71. Zeng Q, Mousa M, Nadukkandy AS, et al. Understanding
tumour endothelial cell heterogeneity and function from single-
cell omics. Nat Rev Cancer. 2023;23(8):544-564.

72. Baldi S, Long N, Ma S, et al. Advancements in protein kinase
inhibitors: from discovery to clinical applications. Research
(Washington, DC). 2025;8:0747.

73. Xie J, Xie Y, Tan W, et al. Deciphering the role of ELAVL1:
insights from pan-cancer multiomics analyses with emphasis
on nasopharyngeal carcinoma. J Transl Int Med. 2025;13(2):138-
155.

74. Liu J, Wang YT, Zeng LL, Chen CL. Lactate-related genes sig-
nature as a novel prognostic landscape in laryngeal squamous
cell carcinoma: insights from 156 machine learning algorithms
and in vitro validation. Int J Biol Macromol. 2025;323:147098.
Pt 1.

75. Xie J, Liu W, Deng X, et al. Paracrine orchestration of
tumor microenvironment remodeling induced by GLO1 poten-
tiates lymph node metastasis in breast cancer.Adv Sci (Weinh)
2025:e00722.

76. Tokunaga R, Zhang W, Naseem M, et al. CXCL9, CXCL10,
CXCL11/CXCR3 axis for immune activation—a target for novel
cancer therapy. Cancer Treat Rev. 2018;63:40-47.

77. Guo Q, Jin Y, Chen X, et al. NF-κB in biology and targeted ther-
apy: new insights and translational implications. Sig Transduct
Target Ther. 2024;9(1):1-37.

78. Tait Wojno ED, Hunter CA, Stumhofer JS. The immunobiol-
ogy of the interleukin-12 family: room for discovery. Immunity.
2019;50(4):851-870.

79. Deng Z, Fan T, Xiao C, et al. TGF-β signaling in health, disease,
and therapeutics. Sig Transduct Target Ther. 2024;9(1):61.

80. Chung HC, Ros W, Delord J-P, et al. Efficacy and safety of
pembrolizumab in previously treated advanced cervical cancer:
results from the phase II KEYNOTE-158 study. J Clin Oncol.
2019;37(17):1470-1478.

81. Oaknin A, Pothuri B, Gilbert L, et al. Safety, efficacy, and
biomarker analyses of dostarlimab in patients with endome-
trial cancer: interim results of the phase I GARNET study. Clin
Cancer Res. 2023;29(22):4564-4574.

SUPPORT ING INFORMATION
Additional supporting information can be found online
in the Supporting Information section at the end of this
article.

How to cite this article: Yin S, Li S, Tu M, Xu J.
Single-cell landscape of the tumour immune
microenvironment in human gynaecologic
malignancies. Clin Transl Med. 2025;15:e70538.
https://doi.org/10.1002/ctm2.70538

https://doi.org/10.1002/ctm2.70538

	Single-cell landscape of the tumour immune microenvironment in human gynaecologic malignancies
	Abstract
	1 | INTRODUCTION
	2 | MATERIALS AND METHODS
	2.1 | Collection and processing of scRNA-Seq datasets
	2.2 | Survival analysis
	2.3 | Cell line culture and CRISPR-Cas9-mediated gene knockout
	2.4 | Chemotaxis assays
	2.5 | IKK treatment and measurement of VEGFA
	2.6 | Tissue sample collection
	2.7 | Multi-colour immunohistochemistry staining
	2.8 | Statistical analysis

	3 | RESULTS
	3.1 | Construction of a single-cell transcriptome atlas of immune cells in gynaecologic cancers
	3.2 | Heterogeneity of macrophage phenotypes in the TIME
	3.3 | IFN-Mac_CXCL9 and Angio-Mac are correlated with differing prognosis in cancer
	3.4 | Diversity of tumour-infiltrating T cells
	3.5 | Dynamics of T cell subsets in tumour progression
	3.6 | Characterisation of tumour-infiltrating B cells
	3.7 | Crosstalk between cells within the TME

	4 | DISCUSSION
	AUTHOR CONTRIBUTIONS
	ACKNOWLEDGEMENTS
	CONFLICT OF INTEREST STATEMENT
	DATA AVAILABILITY STATEMENT

	ETHICS STATEMENT
	CONSENT
	ORCID
	REFERENCES
	SUPPORTING INFORMATION


